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Extracellular vesicles (EVs)

— W
Powerful therapeutic messenger but difficult to optimize
1. What are EVs? 2. Why EVs Matter 3. The Core Challenge
e Extracellular Vesicles (EVs) are EVs are emerging as a cell-free platform EV function is highly dependent on
nano-sized particles released by cells. for next-generation therapeutics. production conditions.

e They carry proteins, RNA, lipids, and
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@ EV optimization is the key to unlocking their full therapeutic potential.

Applications » % Osteoarthritis g@ Lung Injury @ Cardiovascular Disease @ Neurodegenerative Disease ... and more
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The problems

Small changes in conditions lead to unpredictable outcomes — making optimization inefficient and costly.

Current EV Production is Inefficient

Final Canc (Mean-pg/ml)
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Validated through interviews with EV researchers

Reduce inflammation Promote cell proliferation, improve mitochondrial function,

Promote cell proliferation, improve mitochondrial function,
IL-10 pg/mlin 1E+9 particle/ml and prevent cell death Hsp70 pg/mlin 1E+9 particle/ml

and prevent cell death
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The solution

EVOptima Al: We Turn Biological Data into Clear Decisions
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@l Al analyzes experimental parameters

.1l Predicts EV functional quality

1. Translates data — actionable recommendations
A\ Flags high-risk conditions

Reduce trial-and-error, accelerate EV optimization, and improve reproducibility



The solution

EVOptima Al: We Turn Biological Data into Clear Decisions

Data Sources Collaboration Model

* Internal datasets: Controlled experimental data « Academic labs contribute data in
from in-house EV studies exchange for platform access

 Academic collaborations: Partnerships with EV- « Biotech partners gain improved process
focused laboratories in Thailand and ASEAN efficiency and predictive insights

* Industry partnerships: Biotech and CDMO * Future clinical collaborators provide
companies Public databases: EV-related datasets outcome-linked datasets

(e.g., Vesiclepedia, EVAtlas)

Continuous Learning Loop
User Input — Al Prediction — Experimental Validation — Data Re-upload — Model Refinement

Reduce trial-and-error, accelerate EV optimization, and improve reproducibility



The solut

(Research use only, not a clinical or diagnostic system)

Optimize Your EV Production with Al

Turn experimental cytoki

for extracellular
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nization

What EVOptima Al Does

ommend optimal o

Upload your experimental cytokine dataset

Generate Al-driven optimization insights xisx, XIS

hports

Example Output

Hypoxia + IL-10
preconditioning

EV Score Ranking Cytokine Profile — Free (24h)

£l
Fiiaie

waoz 02w |
Free, |
18h)
ypoxa |
7]

IL-7 {ash) |

Radar — Free (24h)

Angiopoietin-1

BONF

IL-Tbata

IFN-gamma EGF

: i EVOptima Al
j‘g EVOptima Al =V P A

(@ Data-informed Al-assisted decision-support tool for EV aptirization (Research use only, nota clinical or diagnostic system)

Built using experimental data a
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Market Opportunity

TAM: Global life science R&D Target Customers

software market (Al + lab informatics) (1) eviass | [2) eioTecHINS

Specialized EV / Exosome Biotech & Cell Therapy Pharma, CROs, and Research Institutions
Research Labs Companies Worldwide

e GLOBAL R&D

—

SAM: Biotech & academic labs doing cell
therapy / EV / cytokine-based research

000
Er3a
Niche focus Broader adoption Global scale
High-value, high-need Across biotech and Al-powered platform for
early adopters biopharma R&D teams biological innovation worldwide

SOM: EV and cell therapy labs in
Thailand/Southeast asia




Business Model

Built for B2B Scientific Workflows

A

C‘% EVOptima Al

-

Hybrid Software as a Service(SaaS) + usage-based model
Platform Access: $30/month
Usage: $10 per dataset analysis

Enterprise: project-based / custom

Subscription

ﬁ (Platform Access)
::.@ $30 / month

Access to EVOptima Al platform
and core features

Ea

Usage-Based
(Per Analysis)

$1 O / dataset analysis

Pay per dataset analysis
and Al prediction

5

Enterprise
(Custom Projects)

Custom Pricing

Project-based solutions,
integrations, and dedicated
support



Traction/Validation

Built and Ready for Validation

e ———— [ Netowps. |

Interviewed 2 EV researchers Pilot with real

Validated key pain points in research labs

EV optimization.

Test the platform in real
experimental workflows.

Identified key pain

Trial-and-error experimentation
and data complexity.

® %

Collect feedback +
Built MVP platform experimental validation

(live demo) Refine the model and validate
Al-driven recommendations performance with real data.
and visual analytics.

=X
e




Competitive Advantage

Existing Software
Specification EVOptima Al Traditional Workflow
(e.g., Benchling, Dotmatics ,and JMP)

EV-specific modeling Yes No No
Multi-parameter optimization Al-driven Statistical only Manual
Biological interpretation Yes No No
Experimental conditions tested ~5 ~10-15 ~20
Iteration time ~1 week ~1-2 weeks ~2 weeks
Personnel required 1 researcher 1-2 researchers >2 researchers

What Makes Us Different

Not generic Al — biology-aware system

Uses real experimental outcomes, not assumptions
Built specifically for EV workflows




Competitive Advantage




Marketing

Built and Ready for Validation

AWARENESS INTEREST

Make researchers aware

VALIDATION CONVERSION
Pilot with their data

RETENTION & GROWTH

Grow together and

Show value with Turn pilot into

of EVOptima Al our platform Prove real results paid subscription expand network
Optimization Result - V
S =~
& ST
. 2 " | L ‘ 4
'y = & o ~
ot K . +32% v
o Rz I chwdf d Saa$S Subscription
" mprove :
p& Conferences (ISEV, ISCT) P Flexible plans for labs
and biotech companies
Scientific papers / posters : Demo platform % Free pilot / trial
@ @‘ P P O Easy onboarding (Os Continuous data learning
Word of mouth in EV community &% Upload your data (M)  Real optimization result & &
" Training & support New features & models
Get instant insights Case study & testimonial TRSNERE
@ Start creating value @ Global lab & biotech network

Go-To-Market

- Start: EV labs (pilot)

- Channel: conferences (ISEV, ISCT)
- Strategy: data-driven validation

- Expand: biotech partnerships



Financial

PRICING MODEL REVENUE PROJECTION (UsD) KEY HIGHLIGHTS

Platform Access 150K ~$115K

$30 / month g

Hybrid Revenue Model

Subscription + usage-based
aligned with lab workflow

)

Access to platform &
core features

2 100K
2
©
Usage g Scalable Growth
\/ $1 O / analysis é ~$38K /i/I More .labs and r.nore
50K I} experiments drive
Pay pgr dataset @ revenue growth
analysis
~$1OK/
- o
— Enterprise 0 {B High Scalability
Year 1 Year 2 Year 3 :
éﬁ, Soft latf th
CUStom (2025) (2026) (2027) $ oftware platform wi

Project-based / low marginal cost

cistom soons o®s Assumption: ~5 analyses / lab / month

Average revenue per lab = $80/month

@ ‘ Revenue scales with both users and experimental activity.




From Optimization Tool to Global Data Platform

Future:

* Learn from global experimental data
* Improve predictive capability

« Standardize EV manufacturing

Today:
Optimize EV production

]
S —

@D, MitoEV
®2e0es’ Therapeutics

m V Therapeutics
S

Uspension for Infusion

5x 10" EVs/ml
SmL (5 x 10" EVS)

- N

Clinical Translation Potential



£%) Evoptima Al
THANK YOU
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